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ABSTRACT

This exploratory study adopts a mixed-methods approach to examine the dy-
namics of political communication during refugee crises in German-language 
X (formerly Twitter), focusing on the Syrian and Ukrainian refugee influxes 
of September 2015 and March 2022. Using the X API, we collected 551,873 
tweets related to the Syrian crisis and 236,034 tweets related to the Ukrainian 
crisis. The retweet networks associated with both crises were segmented into 
attitudinal communities by labeling them based on their position toward refu-
gees. These networks were analyzed for polarization, community interactions 
and activity, influential users, and the dynamic networked framing of the crises. 
Our social network analysis highlighted that the online anti-refugee commu-
nity exhibited greater dynamism despite being smaller in size than the pro-ref-
ugee community. Elite news media saw a decline in influence, highlighting 
the lack of intermediary sources between polarized users. While overall net-
worked framing was positive about refugees during both crises, the framing of 
Ukrainian refugees was more complex and multifaceted. Our results underscore 
the disrupted state of public discourse on controversial topics and the need to 
reduce destructive polarization on social media.
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1	 Introduction

The differences in the legal and social treatment of Syrian refugees during the 
2015–16 crisis and Ukrainian refugees in 2022 have sparked significant con-
troversy and debate (Karasapan, 2022; Kiyak et al., 2023; Sales, 2023; Traub, 
2022; Weber et al., 2023). Specifically, the E.U.’s activation of the “Tempo-
rary Protection Directive” for Ukrainians starkly contrasted with the treat-
ment of Syrian refugees, who did not receive similar legal protections (Laitin, 
2022). Many citizens have engaged in past and present debates about refugees 
and refugee policies on social media platforms (SMSs), including X (former-
ly Twitter), where they formulate their thoughts in tweets, use hashtags, and 
retweet those they trust or approve to shape the online discourse. This mode of 
online communication features a vernacular and participatory element that dis-
tinguishes it from public debates in mass media, with the circulation of news 
and opinions on SMSs encouraging numerous citizens to use its functions to 
affect the communication flow. This phenomenon has created new opportuni-
ties for digitally-born alternative media sources and direct political communi-
cation opportunities. While these conditions and dynamics can liberate public 
discussions by introducing previously excluded ideas, they can also propagate 
destructive polarization, dissonance, conspiracy theories, and misinformation. 
Therefore, understanding the networked public discussions and networked 
framing of issues on SMSs is crucial for comprehending modern public dis-
course on polarizing topics such as refugees and migration. 

Previous political communication research about migrants and refugees has 
traditionally focused on politicians and the media, often employing qualita-
tive and quantitative methods to analyze the content of elite discourse rather 
than examining vernacular or grassroots dynamics (Lilie et al., 2017; Mertens 
et al., 2021; Young et al., 2007). Such studies increased in volume after the 
2015–16 Syrian refugee crisis. The literature overemphasized the refugees 
from the Middle East or Africa and the policies and representations concern-
ing them. However, the large influx into Europe of Ukrainians fleeing the 
2022 Russian invasion of their homeland remains understudied (el-Nawawy & 
Elmasry, 2024). 

Our study aims to fill these gaps by providing a comparative analysis of 
public communication networks on X, focusing on polarization, the activity 
patterns of opposing groups, the influence of elite and non-elite actors, and 
the networked framing of the Syrian and Ukrainian refugee crises. We iden-
tify significant differences in how these crises were framed and discussed on 
X, revealing increased polarization between opposing groups in 2022. Elite 
media outlets were less effective at disseminating their messages during the 
2022 crisis. Anti-refugee users were particularly likely to promotie non-elite, 
alternative, digital-born media sources and opinion leaders. Moreover, despite 
representing a smaller proportion of the network during both crises, anti-refu-
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gee users were more active and effective at amplifying their opinions on X in 
2022. These shifts led to a change in networked framing on X from a solidar-
ity framing during the Syrian refugee crisis in September 2015 to a skeptic 
framing about the authenticity of the refugees in March 2022. 

Our findings describe the communication networks in these two cases in Ger-
many, highlighting the evolving nature of public discourse on social media. 
This study contributes to future research on crisis communication and debates 
about refugees and migrants on SMSs. It also offers insights into improving 
social media communication to enhance preparedness for future crises.

1.1	Literature Review

X boasts 619 million active monthly users, ranking as the 12th most popular 
SMS (Statista, 2024). According to a Pew Research Center report, 33% of 
tweets sent by U.S. adults are political (Bestvater et al., 2022). This highlights 
X’s crucial role in contemporary public discussions. While elite mass media 
traditionally shaped public discourse through gatekeeping, agenda-setting, 
and framing, social media platforms such as X facilitate more decentralized 
and immediate communication (Bennett & Pfetsch, 2018). This shift enables 
a broader range of voices and perspectives to participate in public discussions 
but also poses challenges, including increased polarization, amplification of 
harmful and exclusionary frames, and the spread of misinformation. X’s ma-
ny-to-many communication design offers useful affordances that enable users 
to reach a wider public, facilitating greater engagement, interaction, and the 
exchange of ideas between diverse audiences. Consequently, it is preferred by 
political parties and leaders, media institutions, and journalists, as well as new, 
non-elite political and media actors wanting to engage in public discussions 
(D’heer & Verdegem, 2014). 

Many political communication studies concerning the refugee crises analyze 
the rhetoric of elite political actors (Mertens et al., 2021) and the representa-
tion of refugees on mass media during crises (Lilie et al., 2017) or at critical 
moments, such as elections (Eberl et al., 2018). Studies primarily focus on 
populist parties and politicians. Ernst, Esser, and Engesser (2017) demonstrate 
in their cross-country analysis that populist communication targets mobiliz-
able issues, mainly through social media and newspaper articles, showcasing 
the successful media strategies of these political actors in Western democra-
cies. Populist politicians are more active and engaged with social media than 
others, effectively promoting their messages on SMSs. Maurer et al. (2023) 
find that the German right-wing populist party Alternative für Deutschland 
(AfD) uses deliberate provocations – especially targeting migrants – to boost 
media coverage and public awareness of the party. Maurer et al. (2022) find 
that German media reports on migration and the refugee crisis more exten-
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sively aligned with the consensus from political elites rather than their usual 
editorial lines. Notably, the media coverage shifted from humanitarian to 
securitization frames over time (Holzberg et al., 2018). Comparing elite and 
alternative media in Germany, Nordheim et al. (2019) find that alternative 
news sources associated with AfD emphasized nationalistic and populist views 
during the 2015 refugee crisis, mainly ignoring broader international contexts, 
unlike mainstream media. Overall, these studies focused on analyzing selected 
elite users and political actors and how they formed discourses about refugees 
on mass media and SMSs.

Studies analyzing social media communication from a vernacular perspective 
often focus on specific hashtags or events. Recent political movements have 
promoted their causes effectively using hashtags, with examples including 
#Occupy in the US, the Tahir Square protests in Egypt, the Gezi Park move-
ment in Turkey, MeToo, and BLM (Caren et al., 2020). Regarding refugees, 
researchers have examined the hashtag solidarity activism around #refu-
geeswelcome during 2015–16 (Barisione et al., 2019). Studies indicate that 
around September 2015, messages of solidarity with refugees dominated the 
discourse on X, overshadowing anti-solidarity messages (Hamann & Karakay-
ali, 2016; Weber et al., 2023). Reactionary hashtag counter-publics, such as 
#refugeesnotwelcome, were also analyzed, but to a lesser extent (Kreis, 2017). 
These online movements interact with offline efforts, forming post-digital 
assemblages that impact politicians, media, and public opinion, significantly 
influencing how public issues are discussed and understood (Åkerlund, 2022; 
Fletcher et al., 2020).

To analyze polarized online debates from a holistic perspective, some re-
searchers combined multiple hashtags or examined how opposing groups 
hijack specific hashtags to alter their narratives (Bock & Macdonald, 2019; 
Graham et al., 2021; Strauß, 2017). However, comprehensive studies that 
illustrate the overall communication networks on SMSs in the context of ref-
ugee crises remain scarce. In the context of refugees in Europe, studies over-
whelmingly address the 2015–16 refugee crisis, mainly focusing on migrants 
from the Middle East and Africa and their impact on politics and public atti-
tudes. The study by Ju-Sung Lee and Adina Nerghes (2018) on social media 
debates reveals that labels – for example, “refugee” compared to “migrant” 
– matter for online public attitudes, with “threat” and “agency” being the most
impactful dimensions shaping perceptions toward displaced individuals. Stud-
ies addressing the Italian X debate on immigration point to highly segregated
clusters, where the most influential populist political leaders do not necessarily
lead the most prominent clusters, and content diffusion is significantly affected
by community structures, resulting in minimal cross-cluster visibility (Kiyak
et al., 2024; Vilella et al., 2020). A similar finding is reported regarding Aus-
tralian X discussions about immigration, where users from polarized clusters
strategically engage in both antagonistic and agonistic interactions (Dehghan
& Bruns, 2022). Yi Huang (2019) found that ordinary people became key
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opinion leaders on X, using the platform to create and spread “alternative 
truths,” thereby challenging traditional media. Gualda and Rebollo (2016) an-
alyzed X data from 2015 to 2016 across multiple European languages, demon-
strating discourses ranging from solidarity to xenophobia, reflecting varied 
national responses to the refugee crisis.

Studies on other refugee populations and their reception, such as Ukrainians, 
are scarce. The research indicates more consensus among political parties and 
a more sympathetic and balanced framing of Ukrainian refugees (Bordignon et 
al., 2022; Iberi & Saddam, 2022; Sales, 2023; Tomsic & Looy, 2022). Further-
more, comparative studies of different refugee crises and public discussions 
on social media are even more scarce and typically focus on textual content 
through qualitative or computational methodologies (Cordova et al., 2024; 
Gebauer, 2023; Iberi & Saddam, 2022; Weber et al., 2023). Particularly rele-
vant to our research, these studies demonstrate that solidarity and anti-solidar-
ity messages on X differed significantly from those in elite media and political 
discourse. Despite the greater sympathy for Ukrainians and overall support 
in European countries, discussions about Ukrainian refugees on social media 
were not always positive, and preexisting polarization on the issue persisted 
(De Coninck, 2023; Moise et al., 2024; Weber et al., 2023). Finally, in terms 
of changing polarization in German X, Darius (2022) found that AfD moved 
from an isolated position in 2017 to integration into the same community 
as established conservative and liberal parties in 2021, indicating a broader 
polarization of the German political Twittersphere along traditional left-right 
lines. However, we do not know how these changes in polarization affected 
the networked public discussions about refugee crises in 2022. 

To fill this lacuna, we analyze the communication network dynamics and 
networked framing of the Syrian and Ukrainian refugee crises from a holistic 
perspective. Previous studies have predominantly focused on elite political 
actors and media representations, often overlooking the vernacular perspec-
tive and the reception and spread of news on social media platforms. Those 
who have studied networked dynamics of public debates during refugee crises 
have yet to fully use network analysis techniques and trace data to understand 
how discursive power and networked framing operate in these ad hoc public 
spheres between opposing groups of users. Public discussion on social media 
around different refugee crises, particularly comparisons between the 2015 
Syrian (N1) and the 2022 Ukrainian (N2) refugee crises, remains to be com-
prehensively explored.
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This study addresses these gaps by responding to the following research ques-
tions (all referring to the change from N1 to N2):

	\ RQ1:	 How did polarization on retweet networks on X change?

	\ RQ2:	 How did the influence of elite media outlets change?

	\ RQ3:	� How did the patterns of activity of polarized 
communities change?

	\ RQ4:	 How did opinion leadership of the polarized communities 
change regarding elites and non-elite users?

	\ RQ5:	 How different was the networked framing of these crises on X?

By answering these research questions, we aim to produce a comparative anal-
ysis of the evolution of public discourse and engagement on X regarding the 
Syrian and Ukrainian refugee crises, highlighting changes in polarization, user 
activity, and the influence of different actors and frames over time.

2	 Theoretical Framework

Social media have become a crucial component of the hybrid media environ-
ment and contemporary public sphere, marking a new age of communication 
and public deliberation (Blumler, 2016; Chadwick, 2017). The absence of 
a unifying principle now characterizes public debates and occurs within the 
disturbed public spheres of hybrid media systems (Bennett & Pfetsch, 2018; 
Pfetsch, 2018). This shift is driven by the multiplication of media sources and 
the empowerment of users to filter or promote new sources, effectively flip-
ping the traditional media-audience dynamic (Bennett & Pfetsch, 2018). On 
social media, debating citizens form ad hoc issue publics on contentious topics 
like refugee crises (Bruns & Burgess, 2015). Temporary opposing groups 
coalesce around specific issues and hashtags, enabled by the interactive nature 
of SMSs. This general framework highlights how public discourse has become 
polarized, decentralized, and dynamic, reflecting broader trends in digital 
communication.

Polarization refers to the process by which public opinion divides and shifts 
to extremes, often resulting in a lack of common ground between opposing 
viewpoints (Abramowitz & Saunders, 2008). Polarization is studied extensive-
ly in the context of social media (Tucker et al., 2018). While some polarization 
can enhance political debate, excessive polarization that hinders communi-
cation and antagonizes opposing groups can be destructive (Dehghan, 2020; 
Esau et al., 2023). Although potentially overstated, polarization can have echo 
chamber effects, further isolating opposing groups (Bruns, 2021; Williams et 
al., 2015). Studies on polarization often use social network analysis (SNA) 
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to detect opposing groups and analyze their interactions (Esteve Del Valle, 
2022; Keuchenius et al., 2021). Network visuals and metrics can quantify 
polarization and facilitate comparisons (Esteve Del Valle, 2022). Furthermore, 
destructive polarization causes moderate and neutral voices to lose power 
and reach in networks, exacerbating the attention afforded to extreme voices 
(Bruns, 2024). To gauge network polarization, we combine visual analysis 
with modularity scores and confirm our results by analyzing changes in the 
influence of established media sources and emergent frames. 

In discussions on divisive topics, such as those on X, the ability of elite, rep-
utable media to reach different nodes within the network is crucial. Effective 
reach would indicate that quality news can permeate all sides of the debate. 
This study compares interactions between opposing groups during the Syrian 
and Ukrainian refugee crises and assesses the influence of elite media and 
political institutions. The term elite refers to individuals and organizations 
holding significant power in shaping public discourse and policy, such as po-
litical parties and mass media (Page & Shapiro, 1992). Early studies of SMSs 
found elites to be opinion leaders (Di Fraia & Missaglia, 2014). However, 
recent studies indicate that non-elite users, such as social media influencers 
and citizen journalists, can also become opinion leaders and achieve popular-
ity and social capital on social media networks (Yi Huang, 2019). Crucially, 
while older communication models emphasize the primacy of elites, current 
multi-step communication theory flow places greater emphasis on the interac-
tions between elite and non-elite users in a networked communication ecology 
to generate influential actors and frames (Ognyanova, 2020). In this context, 
opinion leaders – whether elite or non-elite – are the users who exhibit the 
discursive power to create frames that others replicate in and outside their 
community (Jungherr et al., 2019; Recuero et al., 2019). These users can sig-
nificantly impact the discourse produced by networked framing (Alexandre et 
al., 2022; Yoo, 2019). 

This new information environment has two effects that we analyze further in 
the context of refugee crises: patterns of activity in polarized communities and 
networked framing of the crises. In terms of the former, the communities of 
users that promote positive or negative opinions and frames about incoming 
refugees are analyzed in terms of their activity and engagement on X. Previ-
ous studies show that right-wing users are better at amplifying their frames, 
and polarization is asymmetric, with right-wing users tending to be further 
from the political center in terms of discourse and media preferences (Freelon, 
2019; Freelon et al., 2020; González-Bailón et al., 2022). Moreover, studies 
show that anti-migration political actors in Germany are more successful at 
using social media to promote their messages (Darius, 2022; Serrano et al., 
2019). Conversely, the positive political and public attitudes toward Ukrai-
nians generated a second “European” welcome culture inside and outside of 
Germany – with AfD’s position uneasy and ambivalent position – creating a 
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complex bundle of effects and forces that condition the public debate about 
Ukrainian refugees on X (Burchard, 2023; De Coninck, 2023; Gebauer, 2023). 

Understanding communication content is crucial for analyzing political po-
larization, and not all divisions in network structure result from polarization 
(Garimella, 2018). Networked framing refers to how information is shaped, 
disseminated, and interpreted within the interconnected structure of digital 
media networks. It highlights how social media platforms facilitate the dis-
semination and reinforcement of particular narratives and perspectives, signifi-
cantly impacting public discourse. This concept builds on traditional framing 
theory, which focuses on how media outlets construct and present news stories 
to influence public perception and understanding. In a networked environ-
ment, framing becomes a dynamic interaction between citizens, promoting 
news from trusted sources and opinions from influential users (Meraz & 
Papacharissi, 2013). Studies such as Benkler et al. (2018) have demonstrated 
the importance of networked framing for understanding the dynamics of social 
media influence and the role of elite and non-elite actors in shaping public 
perceptions of critical issues. This concept is also applied to holistic studies of 
public debates on SMSs to analyze the battle between the frames of polarized 
groups (Kermani & Tafreshi, 2022; Walsh, 2023; Walsh & Hill, 2023). Differ-
ing from the static nature of mass media frames, networked frames are con-
tinuously contested and reinterpreted. Research shows that networked frames 
provide a dynamic way for citizens to engage in political discourse about 
refugees through SMSs (Kermani & Tafreshi, 2022; Siapera et al., 2018). 
The concept of “digital nativism” is proposed to highlight how anti-migrant 
frames asymmetrically emerge from SMSs through crowdsourced activity in 
migration debates (Walsh, 2023). This study investigates how digital nativism 
operated during past and present refugee influxes to facilitate a “level-telling 
field” about migration in future debates (Gebauer & Sommer, 2022). 

3	 Methodology

We adopt a mixed-methods approach to investigate the structure and the dy-
namics of online discourse concerning Syrian and Ukrainian refugees within 
German-language X retweet networks, combining social media data analysis, 
social network analysis (SNA), and discourse analysis. We used custom Py-
thon scripts for data collection, cleaning, and social media and network ana-
lytics (Freelon, 2014/2023). Network visuals have been prepared using Gephi 
(Bastian et al., 2009).
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3.1	Data Collection

The research began with data collection via the X API, using a query targeting 
various conjugations of “refugee” in German: “Flüchtling OR Flüchtlinge OR 
Flüchtlingen.” We queried the API twice: first, for the period between August 
27, 2015, and October 1, 2015; second, for the period between February 24, 
2022, and April 1, 2022. These periods were determined to capture significant 
mediated events and peak social media communication periods.

Table 1: Tweet and User Counts

Syrian-refugee Dataset Ukrainian-refugee Dataset

All Tweets (Tweets) 551,873 236,034

Retweets (Retweets) 281,231 145,883

Users 96,230 88,354

3.2	Network Construction and Analysis 

We transformed retweet data into social networks, abbreviated as N1 for the 
Syrian refugee crisis and N2 for the Ukrainian refugee crisis context. Be-
cause retweets indicate positive relationships between users, they are used to 
identify users with similar attributes (Firdaus et al., 2018). Weighted indegree 
centrality (WIDC) was employed to detect influential users in the dataset. In 
our network design, a tie connecting X to Y is created when user X retweets a 
tweet from user Y. The weight of the tie comes from the number of retweets. 
We refer to users with high WIDC as opinion leaders or influential users and 
focus on the top ten opinion leaders of different attitudes for practical reasons.

The Louvain community detection algorithm, introduced by Blondel et al. 
(2008), optimizes network modularity to identify communities within large 
networks efficiently. Modularity is a measure that quantifies the strength of the 
division of a network into communities. High modularity indicates a structure 
where nodes within the same community are more densely connected. Thus, 
modularity also indicates how divided a network is. We have focused on the 
ten largest communities to capture the majority of the debate, a common re-
search practice (Freelon, 2020; Freelon et al., 2016).

The automatically identified communities were categorized into three groups 
– what we refer to as attitudinal communities – based on their stance toward
refugees (Syrian or Ukrainian, depending on the case): pro-, anti-, or neutral.
The “neutral” label encompassed attitudinal communities whose “top sample”
(Gerbaudo, 2016b) contained unopinionated news, mixed opinions, or inde-
cisive cases. For accuracy, we employed two coders and calculated the inter-
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coder reliability. Specifically, we selected the top 20 most retweeted tweets 
(according to our dataset and the all-time retweet count received from the API) 
alongside 20 random tweets for each community. After removing duplicates, 
this process yielded approximately 800 retweets that the reviewers manually 
coded according to the stance expressed in each retweet. The Cohen’s Kappa 
score for the Syrian dataset was 0.84; for the Ukrainian dataset, it was 0.94.1

To analyze changing patterns of activity and engagement in networks, we have 
employed two key metrics. First, the count of intra-community ties (ties with-
in a community) reflects the volume of retweet activity happening between 
members of the same attitudinal community. The average intra-tie per user in 
the community, which we refer to as activity, indicates how much, on average, 
users with the same attitude promoted others with similar attitudes. Second, 
we refer to the retweet count of individual tweets as their engagement rate 
and analyze tweets by different communities in N1 and N2 to understand how 
popular they became during the debates.

Finally, we have visualized the networks using the force-directed layout 
algorithm Force Atlas 2 (Jacomy et al., 2014). This algorithm simulates a 
physical system to spatially separate nodes, visually clustering nodes pertain-
ing to the same community while dispersing different communities based on 
their connectivity. This enables visual analysis of the network structures  
and relations between nodes (Bruns & Snee, 2022). More information about 
our SNA and our coding scheme for attitudes appears in the supplementary 
material (S1, S2, and S3). 

3.3	Temporal Networked Frames

We have combined quantitative data analysis to identify the top daily retweets 
using discourse analysis to explore the networked framing of refugees over 
time. Our analysis focused on the emergence of new frames and their evolving 
meanings in the context of real-life events, such as border closures (Kermani 
& Tafreshi, 2022). The study period was divided into phases to highlight dis-
cursive shifts. We employed a top sampling strategy, selecting the top ten daily 
retweets to examine discursive contention over framing (Gerbaudo, 2016b). We 
emphasized moments of “digital enthusiasm” within specific attitudinal com-
munities, characterized by heightened activity, to analyze polarization in fram-
ing the ongoing crisis (Gerbaudo, 2016a). This section analyzes the evolution 
of communication content during both crises and investigates how polarization 
affected the popular daily X conversations. For practical reasons, we did not 
aim to provide a comprehensive account of all frames but instead focused on 
the popular retweets to analyze the changing discourse based on what X users 

1	 See Supplementary Material for more information on top 10 communities and their attitudinal labels.
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found significant or what gained traction. We observed that most changes in the 
discourse of the popular tweets corresponded to certain real-life events. To pres-
ent a coherent narrative of these changes, we divided the analyzed timeframes 
into phases (five for N1 and two for N2). We also visualized the per-communi-
ty retweet counts daily, annotated with significant events and tweets and with 
the phases narrated in our analysis. The supplementary material (S4 and S5) 
includes the coding scheme and its results that guided our discourse analysis, 
along with some examples of retweets (translated and paraphrased).

4	 Results

4.1	Networks and Polarization

Figures 1 and 2 appear below, annotated for a general overview of the net-
works N1 and N2. Table 2 presents descriptive statistics for both networks.

Figure 1: N1 Network
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Figure 2: N2 network

Table 2: Descriptive Network Statistics

Syrian (N1) Ukrainian (N2)

# of nodes 64,438 57,919

# of edges 200,070 129,426

Avg. Weighted Degree 4.36 2.50

Modularity 0.47 0.63

The network visualizations reveal a “polarized crowd” structure for both net-
works, as is often the case for controversial topics (Smith et al., 2014). The N1 
retweet network is more extensive than that of N2 in terms of both the number 
of nodes (users) and the number of ties (retweets). It also has a higher density 
and average weighted degree, indicating more intense communication during 
N1 compared to N2. However, its lower modularity score indicates that it is 
less divided into separate communities than N2. Visual analysis also indicates 
increasing polarization, a decline in neutral opinion leaders, and the rise of an 
anti-refugee community from N1 to N2.
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4.2	Activity and Engagement

Figure 3 shows the collapsed network structure at the attitudinal level for 
both networks. 

Figure 3: N1 and N2 Community Structure
N1 Community Structure

N2 Community Structure

The graphs above display the community structure of the retweet networks. The nodes represent
communities: green for pro-refugee, grey for neutral, and pink for anti-refugee. The numbers in black
indicate the size of each community in terms of nodes. The directed ties represent the inter-community
retweeting behavior and its volume, while the looping ties represent the intra-community retweeting
behavior and its volume. Numbers are rounded and represented in thousands (e.g., 30K for 30,000).

Note: The graphs above display the community structure of the retweet 
networks. The nodes represent communities: green for pro-refugee, grey for 
neutral, and pink for anti-refugee. The numbers in black indicate the size 
of each community in terms of nodes. The directed ties represent the in-
ter-community retweeting behavior and its volume, while the looping ties 
represent the intra-community retweeting behavior and its volume. Numbers 
are rounded and represented in thousands (e.g., 30K for 30,000). 

The size of a community provides insight into the popularity of a particular 
stance within online discussions. Although the neutral community shrank, the 
anti-refugee community soared from N1 to N2. In N1, the inter-ties between 
pro-refugee and neutral communities were high compared to the anti-refugee 
community. Inter-ties are significantly less common in N2 overall.

N1 Community Structure

N2 Community Structure

The graphs above display the community structure of the retweet networks. The nodes represent
communities: green for pro-refugee, grey for neutral, and pink for anti-refugee. The numbers in black
indicate the size of each community in terms of nodes. The directed ties represent the inter-community
retweeting behavior and its volume, while the looping ties represent the intra-community retweeting
behavior and its volume. Numbers are rounded and represented in thousands (e.g., 30K for 30,000).
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Table 3: Community Size and Intra-ties in N1 and N2

Syrian Related (N1)

Size Size % Intra-ties Avg. Intra-tie
Pro-refugee 30,252 63 143,822 4.75
Neutral/Mixed 9,544 20 16,704 1.75
Anti-refugee 7,863 16 28,865 3.67

Ukrainian Related (N2)

Size Size % Intra-ties Avg. Intra-tie
Pro-refugee 30,144 64 57,707 1.91
Neutral/Mixed 5,194 11 8,879 1.71
Anti-refugee 11,510 23 50,157 4.36

Note: Table 3 shows the attitudinal groups, size, internal retweet activity, 
and the average intra-tie per user.

As expected in polarized discussions, activity within opposing user commu-
nities is higher compared to neutral/mixed communities in both N1 and N2. 
The neutral communities in N1 and N2 exhibit similar activity patterns, likely 
due to the topography of these subgraphs resembling “broadcast networks,” 
characterized by only a few hubs that other members retweet without much 
intensity or interaction between them (Smith et al., 2014).

The pro-refugee community demonstrated the strongest per-user activity in 
retweeting behavior in N1, responding to the ongoing humanitarian crisis. 
However, given pro-Ukrainian refugee policies in Germany and Europe, users 
with a pro-attitude might have found fewer reasons to engage in retweeting in 
N2. Despite this, the size of this community remained the same between 2015 
and 2022, indicating a decrease in motivation rather than size.

In contrast, the anti-refugee community expanded and increased internal 
connections and user activity both in absolute numbers and on average. This 
shift indicates that digital nativism has strengthened its influence on X net-
works since 2015. Moreover, despite remaining about one-third the size of the 
pro-refugee community, the anti-refugee community engaged in comparable 
internal retweeting behavior, indicating their effectiveness at challenging 
mainstream media narratives and policies on X in N2.
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Figure 4: Log-Scaled Retweet Frequencies by Attitudinal Community 
(2015 vs 2022)

Log-Scaled Retweet Frequencies by Attitudinal Community (2015 vs 2022)

Retweet count by attitude (Figure 4) provides insight into the popularity of 
different discourses at the level of tweets in both crises. The figure indicates a 
shift in the popularity of tweets within different attitudinal communities from 
2015 to 2022. While messages from pro-refugee users were more dominant in 
2015, messages from anti-refugee users gained substantial traction by 2022. 
The engagement in pro-refugee retweets remained constant, with a slight 
decrease in very-high-retweet tweets in 2022. In 2015, Neutral/Mixed tweets 
showed a pattern resembling pro-refugee tweets but with generally fewer 
high-retweet tweets. However, Neutral/Mixed tweets are noticeably less both 
in volume and popularity in 2022. The highest concentration is below 100 
retweets, indicating less viral content compared to 2015. Tweets by anti-refu-
gee users in 2015 were fewer and did not reach the same high retweet counts 
as the pro-refugee tweets. In contrast, tweets from anti-refugee users in 2022 
showed a significant increase in retweet counts, even surpassing the number 
of pro-refugee tweets at the higher end of the spectrum (tweets with over 100 
retweets). This suggests a stronger presence and more popular tweets by the 
anti-refugee community in 2022. This shift is evidence of growing polariza-
tion, with the anti-refugee community becoming more vocal and influential 
on social media. Results of the analysis of activity and engagement patterns 
provide support for the increasing amplification of anti-refugee discourse.
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4.3	Influential Users 
Table 4: Influential users in N1

# Pro-refugee Neutral/Mixed Anti-Refugee

Type Elite WIDC Type Elite WIDC Type Elite
1 Media 1 4,644 Media 1 5,731 Media 1 1,282
2 Media 1 3,799 Media 1 4,489 - - 1,216
3 Media 1 3,777 Media 1 3,752 Media 1 1,167
4 Org 1 3,637 Media 1 3,603 Media 1 1,145
5 Ind 0 2,531 Media 1 3,452 Media 1 1,013
6 Media 1 2,451 Media 1 1,128 Ind. 1 622
7 Media 1 2,179 Media 1 953 Media 1 610
8 Media 1 1,970 Media 1 905 - - 568
9 Media 1 1,812 Media 1 803 Media 1 520
10 - - 1,709 Media 1 617 Media 1 490

Table 5: Influential users 2022

# Pro-refugee Neutral/Mixed Anti-Refugee

Type Elite WIDC Type Elite WIDC Type Elite WIDC
1 Other 1 4,177 Media 1 867 Media 0 3,780
2 Media 1 3,839 Media 1 865 Ind 0 2,802
3 Media 0 1,141 Media 1 598 Politic 1 1,747
4 Ind 0 975 Media 1 497 Media 0 1,559
5 Ind 0 896 Media 1 469 Ind 0 1,377
6 - - 867 Media 1 465 Ind 0 1,350
7 Ind 0 819 Media 1 443 Media 1 1,170
8 Media 1 806 Media 1 403 Ind 0 1,121
9 Media 1 781 Media 1 318 Politic 1 908
10 Politic 1 694 Media 1 259 Media 0 845

Tables 4 and 5 highlight the changes in influential users during the refugee cri-
ses of 2015 and 2022. In 2015, during the Syrian refugee crisis, the elite media 
dominated the discourse, with most influential users (highest WIDC in both 
networks) coming from established media outlets. However, by 2022, during 
the Ukrainian refugee crisis, there was a notable increase in the influence of 
individual users without traditional media affiliations, especially within the 
anti-refugee community. These users, often social media influencers, exhibited 
low journalistic standards and a clear anti-refugee bias.

The shift from elite media dominance in 2015 to a more diversified set of 
influential voices in 2022 indicates the growing power of social media to 
shape public opinion and the rise of non-elite sources in polarizing debates. 
Politicians also emerged as significant influencers in 2022, demonstrating how 
politicians use social media to directly engage with their audience. The most 
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retweeted politicians appeared on opposite ends of the political spectrum, with 
one from Die Linke, in the pro-refugee community, and two from AfD, in the 
anti-refugee community, highlighting the promotion of polarizing voices in 
online debates.

Finally, not only did the influence of elite media institutions in N2 decrease, 
but so did their reach in the networks, reflecting a broader trend toward frag-
mented information sources. We manually checked five elite media sources 
(visualized in Figure 5) that appeared among the top ten in both periods to 
confirm. In 2015, these sources were connected to 3,175 users, including 
2,325 pro-refugee and 845 anti-refugee nodes, representing 6.66% of the net-
work. By 2022, their reach had decreased to 577 users, including 457 pro-ref-
ugee and 115 anti-refugee nodes, comprising only 1.24% of the network.

Figure 5: Elite Media Reach in N1 and N2

Note: Five dark grey nodes represent elite media in both N1 and N2.  
The nodes that retweeted them are colored green if they belong to the 
pro-refugee community and pink if they belong to the anti-refugee  
community. The rest of the nodes are colored light grey. Spiegel On-
line rebranded to Der Spiegel in 2020.
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4.4	Networked Framing
Figure 6: Daily Retweet Counts by Attitudinal Community (Syria, N1)

A (2015-08-27): Austrian authorities uncover the bodies of 71
refugees and migrants.
B (2015-08-31): Merkel: "Wir schaffen das" & 20,000 march in
Vienna for refugees.
C (2015-09-01): Thousands of refugees arrive in Munich.
D (2015-09-03): Train to Sopron (Hungary) stopped & image of
Aylan Kurdi circulates.
E (2015-09-04): More refugees arrive in Munich.
F (2015-09-05): 1,000 refugees in Hungary march towards
Austria.
G (2015-09-06): Pope Francis's pro-refugee statements.

NEW
2015

Daily Retweet Count for the Syrian Refugee Crisis retweet network per attitudinal community (colors). The timeline is divided into 5
phases (P) where changes in the discourse are observed. Annotations indicate important developments and viral tweet topics.

H (2015-09-10): News about Saudi's plan to fund 200 mosques
in Germany.
I (2015-09-13): Germany and Austria reinstate border controls.
J (2015-09-16): "Wir Helfen" controversy between Bild and St.
Pauli.
K (2015-09-19): Attacks against refugees and activists start in
Neuhardenberg.
L (2015-09-20): Attack on refugee camp in Wertheim.
M (2015-09-24): Photo with a pro-refugee message goes viral.
N (2015-09-25): Harassment in Dresden.
O (2015-09-28): Attacks on refugees in Berlin and Heidenau.

P1 P2 P3 P4 P5

Note: Daily Retweet Count for the Syrian Refugee Crisis retweet network per 
attitudinal community (colors). The timeline is divided into 5 phases (P) 
where changes in the discourse are observed. Annotations indicate important 
developments and viral tweet topics.

#RefugeesWelcome and messages of solidarity marked the first phase (P1) of 
the X refugee discourse (Figure 6). On September 27, news about the tragic 
deaths of refugees in a truck in Austria shook German-language X, prompting 
an outpouring of solidarity messages. Overall, retweet numbers were high, 
with tweets mainly focusing on calls for solidarity with refugees, celebrating 
solidarity efforts, countering anti-refugee narratives, and sharing news about 
refugees. After Merkel’s “Wir schaffen das” statement on September 31, state 
institutions such as local police departments also started contributing to soli-
darity efforts by sharing information on X. 

However, when Hungary started to stop refugees from traveling further into 
Europe on September 2 (P2), the discourse temporarily shifted from solidarity 
to frames about the suffering of refugees and criticisms of Hungary. By Sep-
tember 4, most of the top daily retweets returned to information about support-


